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1 Introduction

The US population is aging rapidly, with the number of Americans age 65 and older expected to

double by 2050. As approximately one third of adults in this age range report multiple functional

limitations, the number of people requiring long-term non-acute care is projected to increase

significantly (Hagen 2013). Much of the growing demand for long-term care is met by informal

(unpaid) caregivers, most commonly family members (Weber-Raley and Smith 2015), and the

impacts of caregiving on family caregivers is a topic of growing policy concern. While family-

provided care may be an affordable and even preferable alternative to formal care, its toll on the

economicwell-beingof caregivers,manyofwhomare also formally employed (FreedmanandWolff

2020), is well documented. Evidence from the US suggests that caregiving affects labor supply on

both the intensive and extensive margins: caregivers are more likely than non-caregivers to stop

working, exit the labor force, or work at reduced hours and wages as a result of their caregiving

obligations (Fahle and McGarry 2017; Van Houtven et al. 2013; Skira 2015; Ettner 1996). The

opportunity cost of unpaid family care has been estimated at as much as $5 billion in terms of lost

wages alone (Chari et al. 2015).

Although it is known that caregiving results in lower labor force attachment, there is less

evidence on how rapidly the adverse employment impacts arise once individuals begin provid-

ing care.1 Additionally, despite frequently-cited methodological concerns about selection into

caregiving based on unobserved characteristics, reverse causality due to labor market shocks, or

pre-caregiving anticipation effects biasing estimates of the impacts of caregiving roles on employ-

ment outcomes (Van Houtven et al. 2013), there is virtually no research on the evolution of labor

supply in the years before the start of a caregiving spell. Understanding the nature and timing of

anticipation effects – changes in labor supply or human capital investments made by those who

expect to be future caregivers – is central when considering the overall costs of family caregiving.

A long-term dynamic perspective would help situate family caregiving in a lifecycle labor supply

framework and facilitate understanding of how the effects of caregiving might differ across the

lifecycle.

These evidence gaps are driven in part by data limitations: observing labor supply trajectories

requires high frequency, longitudinal observations of employment outcomes and caregiving status.

We bridge these gaps by combining repeated cross-sectional survey data about family caregiving

1Skira (2015) is the only paper that we are aware of that takes a dynamic perspective in the US context, Schmitz and

Westphal (2017) studies the dynamics of employment after caregiving in the German context.
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roles with longitudinal administrative data on labor supply to estimate the dynamic relationship

between caregiving and labor supply for new caregivers.2 We identify caregivers using four

panels of the Survey of Income and Program Participation (SIPP) between 1996-2008, a nationally

representative survey following households for up to six years with interviews occurring every

four months. Along with a core longitudinal questionnaire that collects earnings and employment

information, the SIPP includes a range of cross-sectional topical modules, including a series of

questions about unpaid care provided to family and friends. Using this informal care module,

we identify respondents who are family caregivers and determine the year in which they started

providing care. We then link SIPP respondents to their Social Security Administration earnings

records to create a panel which allows us to observe annual labor supply outcomes for caregivers

well outside the range of the SIPP survey – up to 33 years before and 10 years after the start of a

caregiving spell. Specifically, we analyze trajectories in annual wage and salary employment and

earnings and self-employment and earnings by gender and age at which caregiving begins.

Our objective is to understand the implications of family caregiving for labor supply after a

caregiving role is realized aswell as anypre-caregiving impacts thatmay arise from the anticipation

of a future need or individual or family preferences. We start by tracing out the evolution of

earnings and employment of caregivers relative to the start of a caregiving spell and compare

these trajectories to those of a matched sample of demographically similar non-caregivers. While

we do not argue that the self-reported onset of a caregiving spell is random, we observe that the

start of caregiving coincides with sharp decreases in wage and salary employment and earnings.

We also observe differences in labor supply outcome levels and trends for caregivers relative to the

matched comparison group up to 15 years prior to the start of a care spell, suggesting important

life-cycle dynamics for caregivers.

These outcomes vary by gender and by age at which caregiving starts. Women who start

caregiving in their 40s appear to experience an earnings shockwhen caregiving begins, but women

who start caregiving in their 50s have pulled back on earnings (though not labor supply) much

earlier in life – perhaps due to the anticipation of a future caregiving role, or the well-documented

effect of child caregiving. For women who become caregivers in their 60s, the start of caregiving

once again looks like an employment shock, though they too appear to have lower pre-caregiving

earnings than the comparison group on average. The story for men is quite different, and more

uniform across age groups. Men who start caregiving at any age appear to be higher earners than

2We define new caregivers as those who have been caregiving for two years or less.
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their matched counterparts, but get suddenly thrown off their earnings trajectories in the five to

ten years before they begin caregiving and never recover - again, these could be anticipation effects

or labor market shocks. The downturn for men who start caregiving in their 60s are somewhat

more gradual than for younger men. We find no evidence of changes in either self-employment or

self-employment earnings around the start of a care spell.

Next, we use an event-study specification with a matched comparison group to formally

estimate labor supply trajectories of caregivers relative to a comparison group while accounting

for individual heterogeneity and both life-cycle and period trends using age, calendar year, and

individual fixed effects. The event study estimates confirm the different dynamics for male and

female caregivers before and after the start of a caregiving spell that we observe in the unadjusted

comparisons. While female caregivers are on parallel trends with their matched comparison

group for over a decade preceding the start of a care spell, the employment and earnings of male

caregivers are on a pronounced downward trajectory. Employment and earnings begin to decline

for women in the year before the start of caregiving and reach their lowest point in the year after

caregiving starts, after which they recover. Male caregiver outcomes do not begin to recover until

five years after the start of a caregiving spell. The magnitude of change is very different as well.

At their lowest point, female caregivers’ earnings just over $1,300 below the pre-caregiving mean,

and employment is 3.3 percentage points lower. Men’s earnings fall by more than $3,500 and

employment falls by 5.5 percentage points.

We then employ a stacked difference-in-differences research design, exploiting variation in the

timing of caregiving spells among caregivers to estimate the immediate and medium-term labor

supply responses to the realization of a care spell. Rather than matching to non-caregivers based

on demographic characteristics such as age and gender, we use the outcomes of future caregivers

to construct a comparison group that is similar to the treated group in expectation of caregiving,

but that hasn’t started caregiving yet (Fadlon and Nielsen 2021; Deshpande and Li 2017). The

identifying assumption is that, absent the realization of caregiving, outcomes between the treated

and control groupswould run in parallel. This approach allows us to estimate the ex-post response

to a self-reported caregiving spell, net of any selection into caregiving or long running dynamics

among caregivers.

We show that the likelihood of employment falls by an average of 2 percentage points for

women in the first two years following the start of a caregiving spell, and returns to the pre-

caregiving trend within 5 years. Women’s earnings fall by nearly $1,000 annually after the start of
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a caregiving spell, but recover to pre-caregiving trends quickly. Men experience more pronounced

changes in outcomes before they self-identify as caregivers rather than after. We again observe no

corresponding change in employment or earnings among thosewho are self-employed, suggesting

that the flexibility of self-employment is more compatible with being a caregiver than wage and

salary employment.

Our study contributes directly to a literature examining trade-offs between providing care to

family members with functional limitations and formal employment. Most studies on this topic

estimate the effect of caregiving on employment-related outcomes, and report a mixed range of

results on both the extensive margin of working for pay and the intensive margin of wages and

hours.3 Other studies instead estimate the effect of changing employment opportunities on the

likelihood that working age adults will provide care, and find consistently that family caregiving

increases as the opportunity cost of caregiving, in terms of forgone employment opportunities,

decreases (Mommaerts and Truskinovsky 2020; He and McHenry 2015; Costa-Font et al. 2016).

We build on this literature in several ways. First, most of the aforementioned studies focus

on estimating causal effects of caregiving on static labor supply outcomes, while our objective is

to estimate long-range labor supply trajectories of caregivers. Studies addressing the relationship

between caregiving and labor supply in the US, where our study is based, rely primarily on

the Health and Retirement Study (HRS), a nationally representative survey of the US population

over 50 (Fahle and McGarry 2017; Van Houtven et al. 2013; Skira 2015).4 The HRS is a biennial

panel, and measures both caregiving and employment outcomes at two-year intervals. While

the econometric challenges of identifying the causal effects of caregiving on labor supply can be

reasonably addressed using panel data techniques and instrumental variables, measuring short-

and medium-run dynamic responses requires a data set that captures labor supply outcomes at a

higher frequency as well as information to precisely date the year a caregiving spell began. To this

end we construct a novel data linkage between self-reported caregivers and their administrative

earnings data that allows us to examine annual labor supply outcomes for caregivers – both before

and after the start of caregiving.

Understanding thedynamic impact of caregiving, aswell as explicitly consideringpre-caregiving

employment trajectories, is critical to evaluating how employment policies, such as sick leave, fam-

3See, for example, Ettner (1996); Carmichael et al. (2010); Van Houtven et al. (2013); Skira (2015); Fahle and McGarry

(2017); Bolin et al. (2008); Carmichael and Charles (2003); Schmitz and Westphal (2017) for studies based in the US and

Europe.

4Exceptions include He and McHenry (2015) who use the SIPP, and Mommaerts and Truskinovsky (2020), who use

the American Time Use Survey.
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ily leave, and caregiver tax credits, might help individuals with family caregiving obligations to

sustain employment. Many employers and some states offer paid family leave benefits, and many

workers in the US have access to unpaid family leave through the Family and Medical Leave Act

(FMLA). In general, family leave can be used to provide care for a sick or ailing relative as well

as a new child, but family leave benefits are structured to meet the needs of new parents, and

new parents make up the majority of leave claimants for both paid and unpaid leave (Bedard

and Rossin-Slater 2016).5 Meanwhile, caregiving to adults may have a different time-use profile

than newborn care, requiring intermittent absences of a few hours, rather than a single absence

of several weeks (Maestas 2017). Furthermore, eldercare trajectories are highly heterogeneous,

suggesting the need for a more flexible approach to caregiving leave policy (National Academy of

Sciences 2016).6

We highlight several additional advantages to using the SIPP informal care module to study

caregiving. The aforementioned studies largely estimate effects onwomenover 50 caring for elderly

parents. Meanwhile, half of all family caregivers in the US were between the ages of 18 and 49 in

2009 and 40% of family caregivers aremen (National Alliance for Caregiving andAARP 2009). The

SIPP is a nationally representative sample of the full US population, providing a more complete

picture of caregiving. Additionally, the SIPP surveys respondents who provide any kind of care,

including care to friends, neighbors, and extended relatives. As we document, a surprisingly high

amount of care is provided to people who are not spouses or parents, a trend that is mirrored

in national statistics (National Alliance for Caregiving and AARP 2009; Houser et al. 2015). For

example, we find that 20% of caregivers provide care to older family members who are not parents

or spouses.

Most closely related to our study is Schmitz andWestphal (2017), who use an annual longitudi-

nal survey in Germany to study the persistence of any employment disruptions due to caregiving.

Although they consider dynamics up to 8 years after the start of a caregiving spell, they do not

address pre-caregiving dynamics. To our knowledge, ours is the only study to focus on high

frequency, dynamic labor supply trajectories for a decade or more both before and after the start

5In the first 10 years of California’s paid family leave legislation (2004-2014), new parents made up 90% of all PFL

claims (California has a separate paid leave program for own medical leave). Much of the empirical evidence on the

effectiveness of paid leave similarly focuses on new parents, e.g. Rossin-Slater et al. (2013); Rossin-Slater (2017), and

few studies consider the impact of paid leave on family caregivers. Arora and Wolf (2017) found that nursing home

admissions decreased in California following the implementation of paid family leave in 2004, suggesting that paid

leave increases the supply of family care.

6An additional challenge is defining the family ties that would qualify for elder care. For example, under the Family

andMedical Leave Act of 1993, a worker may take protected leave to care for a biological, step, foster, or adoptive parent,

but not a parent-in-law or other relative.
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of a caregiving spell, and to identify caregivers in administrative data in the US context.

Finally, our study is related to a considerable literature looking at the dynamic relationship

between caregiving and employment that centers on the effect of bearing and caring for chil-

dren and on women’s life cycle labor force participation (for example, Goldin (2006); Goldin and

Mitchell (2017); Blau and Kahn (2007)). This literature conceptualizes the costs of caregiving as

being incurred both after children are born in the form of reduced hours or wages, as well as

through decisions made in the anticipation of child care needs, in the form of forgone education or

employment opportunities (Goldin and Katz 2002; Kleven et al. 2019; Adda et al. 2017; Hotz and

Miller 1988). Our long-range panel and approach allow us to consider the pre-caregiving effect of

anticipated care needs (“up-front” costs) separately from the ex post costs of realized caregiving. If

the up-front costs are significant, causal estimates of the static effect of caregiving on labor supply

could be dramatically under-valuing the costs of family caregiving.

2 Data

We use the 1996, 2001, 2004 and 2008 panels of the Survey of Income and Program Participation

(SIPP).7 Each panel follows a nationally representative sample of US households for between two

and a half to six consecutive years, with regular interviews at four month intervals (referred to as

“waves”). Along with the core longitudinal survey which collects detailed monthly information

on demographics, employment, earnings, and program participation, in each wave households

respond to topical modules which provide detailed but cross-sectional information on specific

topics including informal caregiving.

We identify caregivers from the informal care topical module, which is administered two to

three years into the longitudinal panel and asks all respondents the following question: “There

are situations in which people provide regular or unpaid care or assistance to a family member or

friendwho has a long-term illness or a disability. During the pastmonth, did you provide any such

care or assistance to a family member or friend living here or living elsewhere?” Respondents who

identify as caregivers on the basis of this question then provide details about who they provide

care to, and for how many years they have been providing care (less than one year, one year,

two years, etc). Focusing on respondents who have been providing care for two years or less, we

use this retrospective information to identify the year in which the self-reported caregiving spell

7Earlier panels of the SIPP do not ask about informal caregiving.
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began.

We next link this sample of caregivers to SSA administrative earnings records and construct

an annual panel of labor supply outcomes that follows caregivers for up to 33 years before and

ten years after the start of the reported caregiving spell. In order to match SIPP to administrative

earnings and beneficiary data, the Census Bureau must receive consent from respondents. The

match is based on the respondent’s Social Security number (SSN), which is suppressed for research

use. In our sample, 81.9% of respondents match to administrative data. Prior to the 2008 panel,

respondents had to provide their SSN, so non-matches are due to a combination of non-consent and

failure to recall. Startingwith the 2008 Panel, thematching processwas automated, so non-matches

are due solely to non-consent. Appendix Table A1 compares demographic characteristics for the

full SIPP sample and the sub-sample of new caregivers who do and do not have an administrative

match. Respondents without an administrative match are younger, more likely to be Hispanic,

and have lower levels of education than the matched sample. Among new caregivers, unmatched

respondents are more likely to be caring for a non-specified recipient (“other non-relative”) .

We note two important features of our measure of caregiving. First, this measure is subject

to selection bias arising from length-biased sampling: the set of individuals who are observed

in a caregiving spell at the time of the informal care topical module (a “stock” sample), will

tend to over-represent those engaged in longer spells (Kiefer 1988). The retrospective inclusion

of individuals who have provided any care in the last month mitigates the degree of bias in

comparison to a screening question that would have collected information only from individuals

actively providing care, but it is larger than if individuals had been asked to provide information

about care ever provided. We attempt to mitigate some of the bias by including only individuals

who have started a caregiving spell within the last two years (“new caregivers”). The average

caregiving spell lasts 4.5 years in most nationally representative estimates, though most estimates

of caregiving duration are generated from a similar “stock” sample and will therefore suffer

from the same bias (Houser et al. 2015; National Alliance for Caregiving and AARP 2009). In

addition, any descriptive information about the details of caregiving, including intensity and tasks

performed (with the exception of duration), only captures the nature of caregiving at the time of

the survey. Finally, our sample of caregivers is right-censored: while we observe the reported start

of a caregiving spell, we do not observe when it ends.

The second notable feature is that we rely on self-reports to determine caregiver status. Na-

tionally representative surveys that use self-reports of caregivers often result in significantly higher
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numbers of caregivers than estimates that rely on reports from their care recipients (Giovannetti

andWolff 2010). Among surveys thatmeasure caregiving based on self-reports, caregiver estimates

also vary dramatically based on question wording (Freedman and Wolff 2020). The SIPP wording

is precise in that it asks about care provided for a long-term illness or a disability specifically, and

thus generates caregiving prevalence estimates that are on the conservative end of the spectrum:

5% of respondents self-identify as caregivers in the SIPP, compared to 17% of respondents in the

American Time Use Survey Eldercare Module.8 However, there is likely significant heterogeneity

in individuals’ latent thresholds for reporting a caregiving spell that cannot be identified from this

type of survey question.

2.1 Sample Statistics

We report sample statistics from the informal care module in Table 1, corresponding to Wave 9 for

the 2008 panel and Wave 7 for the 1996, 2001, and 2004 panels. This cross-section includes over

237,000 individuals age 18 and over.9 Of these, 12,743 individuals, or 5% of the full sample, report

having provided unpaid care in the past month. Column 1 presents means for the full sample of

caregivers, while columns 2 and 3 present means by gender.

Table 1 first reports sample statistics about the details of the caregiving spell, including the

recipient’s relationship to the caregiver. Some 16% of the sample is providing care to a spouse,

and 21% to a parent or a parent-in-law. Nearly 20% care for another relative, and a quarter of the

sample is caring for somebody with an unspecified relationship (“Other nonrelative”).10 Nearly

one quarter of the sample is caring for a child with a long-term illness or disability, underscoring

that the definition of informal care in the SIPP is not limited to the elderly. The identity of the care

recipient varies somewhat by gender: Men aremore likely to be caring for spouses or children, and

less likely to be caring for parents. Because we are focused on caregiving beyond the parent-child

relationship, going forward we drop individuals who report providing care to children from the

analysis.

Table 1 also presents sample statistics on the duration of the current caregiving spell, reported

by respondents in the SIPP, which we use to construct our longitudinal caregiving panel. Some

20% of caregivers started providing care within the last year, 17.0% have been providing care for

8Calculated by authors and provided upon request. The ATUS asks about "care or assistance for an adult who

needed help because of a condition related to aging" and the look back period is 3 months, rather than 1 month in the

SIPP.

9The full SIPP sample includes respondents 15 and older.

10Percentages do not add up to 1 because individuals can specify up to four care recipients.
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a year and 16% have been providing care for two years. Nearly half the sample (47%) have been

providing care for three years or longer. Men and women report similar caregiving duration. The

distribution of observed care duration is necessarily biased towards longer spells (as described in

the previous subsection), so in our analysis we focus on “new” caregivers, those who have been

providing care for two years or less to minimize concerns about length-biased sampling.

The remaining caregivers in this sample provide care for 10.2 hours per week, for on average

1.2 care recipients. Nearly 70% of care is provided to recipients outside the caregiver’s household.

Almost 40%of caregivers report provide helpwithActivities ofDaily Living (ADLs), which include

time intensive, personal care tasks such as bathing, eating, and getting in and out of bed, while

90% report providing help with Instrumental Activities of Daily Living (IADLs), which includes

help chores and errands such as housekeeping and grocery shopping. Just under half of caregivers

also report providing help with medical tasks help and 44% are the sole caregiver, highlighting

that many caregivers are engaged in significant and time intensive caregiving. Men provide one

hour less of weekly care than women and are less likely to provide intensive help with ADLs

and medical tasks, and are less likely to provide care to somebody outside the household, in part

because they are more likely to care for a spouse. However, nearly one third of male caregivers

report providing help with ADLs, 40% report providing help with medical tasks, and they are

nearly as likely as female caregivers to report being the sole care provider.

We present sample statistics for new caregivers in Column 1 of Table 2 as well as non-caregivers

in Column 3. Panels A, B and C report demographic characteristics and employment outcomes

at different points in time from the survey data. Panel D reports labor supply outcomes from the

linked administrative data, measured in the year that the informal care module was administered.

Startingwith thedemographic characteristics in PanelA, comparedwith non-caregivers, caregivers

are older, more likely to be female, more likely to be white, and more likely to be married. Male

and female caregivers look quite similar on demographic characteristics (Columns 4 and 7). Male

caregivers are more likely to be married, and are slightly more educated when compared with

female caregivers.

Panel D of Table 2 presents sample statistics for the linked administrative sample, measured

in the year that the informal care topical module was administered. We use data from the Master

Earnings File to measure annual wage and salary and self-employment earnings. Wage and salary

earnings data derive from IRS Forms W-2, and include wages and tips from all employers. Self-

employment earningsdata derive from IRSFormSchedule 1040 SE. The earnings variable combines
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both employer and self-employment earnings, indexed to 2018 dollars. We consider individuals

with non-zero, combined earnings as employed in a given year. The self-employment earnings

variable includes only the self-employment portion of earnings; individuals with non-zero, self-

employment earnings are self-employed in that year. We use monthly data from the Master

Beneficiary Record (MBR) to identify Old Age and Survivors Insurance (OASI, or retirement)

beneficiaries andDisability Insurance (SSDI) eligibility. In this study,we focus onOAI beneficiaries,

which include retired workers, but not dependents and survivors of workers; SSDI entitled refers

to individuals who have a work-limiting disability entitling them to federal benefits, but who

have not necessarily started receiving them yet (since SSDI entitlement precedes receipt by several

months or more). We consider individuals as receiving OAI or eligible for SSDI benefits in a given

calendar year if they receive benefits or, in the case of SSDI, become entitled to benefits for at least

one month during the year.

As reported in Panel D of Table 1, 65% of recent caregivers are employed, compared with

71% of non-caregivers. Caregiver earnings are lower than non-caregivers, even conditional on

being employed, suggesting that caregivers also work fewer hours and/or at lower wage rates.

Unfortunately, SSA administrative data does not allow us to measure hours or wage rates. Care-

givers and non-caregivers are equally likely to be self-employed, but again, conditional on positive

earnings, caregivers earn significantly less when compared to non-caregivers. Nearly a quarter of

new caregivers are receiving OAI retirement benefits, comparedwith 19% of non-caregivers, likely

reflecting the age differences between these groups. There do not appear to be differences in SSDI

entitlement between caregivers and non-caregivers.

These descriptive statistics underscore the advantages of using the SIPP to study family caregiv-

ing, rather than the more commonly used Health and Retirement Study (HRS). First, the average

age in our new caregiver sample is 52, meaning that a substantial share of caregiving occurs earlier

in life than when the HRS sample starts (age 51). Second, most studies of family caregiving focus

on care provided only to parents or parent’s in law. The sample statistics in Table 1 reveal that a

great deal of care is provided to individuals other than parents, highlighting the need to consider

unpaid caregiving more broadly.
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3 Empirical Approach

As caregiving status is not randomly assigned in the population, a key challenge for understanding

the effect of caregiving on labor supply is to find an appropriate comparison group to map out

counterfactual trends. Existing studies address this challenge by leveraging panel data techniques

and instrumental variable strategies to control for unobserved heterogeneity. For example, Van

Houtven et al. (2013) discuss endogeneity concerns in detail with respect to adult children caring

for elderly parents, and propose a set of time-varying instruments (related to parental health) to

address these concerns. Their objective is to identify the (static) effect of realized caregiving on

the outcomes of somebody who is induced into caregiving based on the changing health of their

parent, compared to the counterfactual of a similar person who’s parents’ health did not change.

Our objective is somewhat different. We take as given that caregiving is not randomly assigned

for most individuals, and we aim to understand the dynamic relationship between caregiving

and labor supply both before and after a care spell is reported to begin – including any apparent

selection into caregiving that is correlated with employment outcomes. To this end, we use

two different strategies to estimate counterfactual trends, constructing two different comparison

groups, which allow us to conceptualize the caregiving “event” in two different ways.

First, we usematching to create a comparison group of demographically similar non-caregivers

observed in the first wave of the SIPP sample. In this matched research design, the caregiving

event we capture includes any anticipation or ex-ante changes in employment outcomes that may

precede (orprecipitate) the start of a care spell. Thematched comparisongroup is constructedusing

demographic characteristics, not employment trajectory or the potential of future caregiving need.

The counterfactual that this matched comparison group represents is therefore how outcomes

would have evolved for somebody of a similar age, gender, race, marital status and education

level, who was not actively caregiving at the time they completed the SIPP informal care module

(though we cannot rule out that they were never a caregiver, or would never become one, as the

caregiving module is cross-sectional).

If caregiver labor supply outcomes evolve very differently from those of non-caregivers before

caregiving starts, the matched counterfactual would make it difficult to identify the direct impact

of actually starting a care spell, absent any pre-trends. In the second research design, we identify

a comparison group of future caregivers – individuals who are potentially similar to caregivers

(treated respondents) in their employment outcomes and their ex ante expectations about care-
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giving, but have not yet started the care spell within the panel (i.e., they remain untreated). In

this research design, the counterfactual captures how outcomes would evolve for somebody with

the same ex ante expectations about future caregiving needs, absent the caregiving spell actually

occurring.

3.1 Event-Study Specification

We first detail our empirical specification before describing the construction of each comparison

group in detail. We compare the evolution of earnings and employment as a function of event

time for individuals who become a caregiver in a given year with a comparison group. Individual

variation in the timing of caregiving allows us to trace out the full dynamic trajectory of both any

anticipatory pre-caregiving trends and ex post responses to the start of caregiving. For both the

caregivers and the comparison group, we designate as � = 0 as the year in which they reported

the start of a caregiving spell (or the placebo year), and index all other years relative to that year,

resulting in a balanced panel of annual observations from 16 years before to 9 years after the start

of a care spell.

For each research design, we estimate a non-parametric event study specification of the follow-

ing form:

H8� = 8 + �C + �8C +
∑
�

�A�
� +

∑
�

�A()A40C8 × ��) + �8� (1)

Here H8� is either earnings or employment for individual 8 in event-time �. )A40C8 is an indicator for

if the observation belongs to the caregiver (treatment) group, and the ��
are indicators for event

time, or time period relative to the start of the caregiving spell. We omit the event time dummy

at � = −2, the reference period. The coefficients of interest, �A are on the interactions between the

treatment indicator and the full set of event time indicators and capture the changes in outcomes in

the treatment group relative to two years before caregiving started while controlling for changing

outcomes in the comparison group. We include calendar year fixed effects �C to control flexibly

for time trends including business cycles, age fixed effects �8C to control for lifecycle trends in labor

supply, and individual fixed effects 8 to control for time invariant, individual heterogeneity that

might be correlated with both labor supply and caregiving. All standard errors are clustered at

the individual level. To summarize the magnitude and statistical significance of the post-period

effects, we estimate a version of (1), replacing the individual event-time indicators with a single

indicator for the post period.
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3.2 Matched Comparison Group

In the matched design, we construct counterfactuals by creating a comparison group of non-

caregivers that is identical on demographic characteristics, but not earnings or employment out-

comes. We use demographic characteristics reported in the first wave of the SIPP survey, before

the majority of the caregiving sample has started their caregiving spell. We perform a nearest

neighbor propensity score matching procedure, drawing from the sample of non-caregivers. The

matching variables are age (in two year bins), sex, race/ethnicity, education level, marital status,

number of children, and home ownership status (owned with or without a mortgage, rented or

occupied without payment). We perform this procedure separately for each panel and for each

care spell duration (6 months or less, 1 year, 2 years), because the demographic characteristics of

caregivers vary along these dimensions. Then, we assign a placebo caregiving start date based

on duration to match the comparison group on event time. A non-caregiver can be matched to

multiple caregivers in each SIPP wave, but never in the same event year. Columns 2, 5 and 8 of

Table 2 present corresponding sample statistics for this comparison group.

3.3 Stacked Comparison Group

Our second design uses variation in the timing of caregiving spells to identify a comparison group

of individuals evolving along similar trajectories, with similar expectations about future caregiving

risk. We use a “stacked” method, following Fadlon and Nielsen (2021) and Deshpande and Li

(2017). Specifically, we compare respondents who experience a caregiving event to a control group

of individuals who will begin caregiving at some time in the near future. This approach requires a

different data structure, which we construct as follows: for each calendar year, we take the subset

of individuals who begin caregiving in that year and designate them as the treatment group.

Every individual who started caregiving at least � years in the future is assigned to the comparison

group. We then redefine event time with respect to caregiving for the comparison group: we

define a placebo caregiving spell as starting � years before the actual report caregiving spell. For

the treatment group, the index year that a care spell started remains unchanged.

We repeat this procedure for each calendar year and then append all the data sets together.11

The resulting data set is comprised of the original sample of caregivers, all matched, in calendar

time, to a comparison group of future caregivers. One limitation of this approach is that we can

11An observation does not serve as its own control, however households do appear in the sample multiple times as

controls.
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only measure effects up to � − 1 periods post-shock (i.e. until the control group becomes treated).

We set � to be 6 years. In Appendix Figure A4, we demonstrate this empirical approach visually,

graphing the raw plots of the evolution of earnings and employment in both the treatment and

comparison groups around event-time in the administrative sample. For most outcomes, the pre-

trends in event time for the treatment group are matched reasonably well by the counterfactual

trends in the control group. A deviation from trend in the treatment group is visually apparent

around the year that caregiving started.

4 Results

What is the timing of changes in employment and earnings relative to the reported start of a care

spell? Does employment decline before caregiving starts and does exit from the labor market after

the start of a spell happen immediately, or gradually as caregivers take on more and more care

responsibilities? Is caregiving associated with transitions into self-employment? In this section

we present evidence on these relationships using a long panel of annual labor supply outcomes

for caregivers and two comparison groups of non-caregivers: a sample of non-caregivers that is

matched on demographic characteristics and a sample of future caregiverswho have not yet started

caregiving.

4.1 Employment and Earnings Trends

We start our analysis by documenting the evolution of earnings and employment for caregivers

and for the matched comparison group for 16 years before and 9 years after the start of a care

spell. Figure 1, Panel A, plots the unadjusted annual earnings of caregivers (black line) and the

matched comparison group (grey line) in event time. The x-axis denotes time relative to the start

of the care spell (realized for caregivers and placebo for the matched group). We plot levels rather

than logs to retain individuals with zero earnings, as non-participation is a key dynamic in our

analysis. Despite the fact that we match only on demographic characteristics in the first wave

of the SIPP, and not on any labor force related outcomes, caregivers and the comparison group

appear nearly identical in both the level of earnings and earning trajectories in the pre-caregiving

period. Average earnings begin to trend downwards 4 years before the start of a care spell, and

fall sharply in the year that caregiving starts. By the second year after the start of a care spell,

annual earnings return to the pre-caregiving trend, but are nearly $5,000 below the earnings of
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non-caregivers. Note that because the figures do not restrict the age at which individuals begin

caregiving, these earnings trajectories compress life-cycle-related earnings dynamics.

These earnings patterns could be driven by non-participation, reductions in hours worked, or

reductions in the wage rate. Unfortunately, we only observe the extensive employment margin in

our administrative data, and we present employment rates (defined as positive earnings) in event

time in Panel B of Figure 1. Again, despite only being matched on demographic characteristics,

caregivers and the matched comparison group have very similar levels of participation in the pre

caregiving period. In fact, 15 to 10 years before caregiving starts, caregivers appear more likely

to be working relative to the matched comparison group. Since mean earnings are similar for

caregivers and the comparison group (Panel A), this pattern suggests that conditional on working,

caregivers are working fewer hours and/or at lower wages. Caregivers and the comparison group

follow similar trends until four years before year zero, when caregiver employment begins to trend

downwards more steeply, suggesting that the fall in earnings prior to the start of a care spell is

due at least in part to non-employment. There is a sharp discontinuity in the year a caregiving

spell is reported to start, with a more than 5 percentage point decrease in employment in the first

two years of a caregiving spell, after which caregiver employment returns to the same trend as the

matched comparison group, but remains approximately 5 percentage points lower. This pattern

suggests that caregivers who leave the workforce at the start of a caregiving spell do not return in

the decade that follows.

Whilewomen are typically associatedwith family caregiving, nearly 40%of caregivers of adults

in the US are men (National Alliance for Caregiving and AARP 2009).12 Existing studies note that

caregiving responsibilities have a different impact onmen’s andwomen’s labor force participation,

highlighting the need to look at outcomes separately by gender (Van Houtven et al. 2013). Due to

multiple caregiving roles over the life cycle, womenmay be differentially attached to the labor force,

may be more likely to be working part-time, or may hold more flexible jobs than men who become

caregivers Kleven et al. (2019). Furthermore, men and women may take on different (more or less

intensive) caregiving roles (Houser et al. 2015; VanHoutven et al. 2013) ormay have different latent

thresholds for reporting caregiving. The descriptive statistics presented in the previous section

suggest that female caregivers provide more hours of care, and are more likely to be helping with

ADLs and performing medical tasks than male caregivers. Figure 1, Panels C-F, present earnings

and employment trajectories separately by for men and women and reveal noticeably different pre

12In the SIPP, men make up over 35% of caregivers.
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and post caregiving patterns.

Before they start a caregiving spell, female caregivers (65% of the sample) follow non-caregivers

closely in earnings (Panel C). Female caregivers are somewhat more likely to be employed relative

to the comparison group 15 years before caregiving starts, though this gap closes by 10 years

before caregiving starts (Panel D), when there is a small but perceptible level decrease in caregiver

earnings. We observe a sharp decrease in both earnings and employment in the year a caregiving

spell is reported to begin, and a small decrease in earnings in the year before caregiving starts,

suggesting that women may be reducing hours or turning down earnings growth opportunities

in anticipation of future caregiving responsibilities (which may already have begun to accumulate

by the time they self identify as a caregiver). Neither earnings nor employment recovers in the

10 years following the start of a caregiving spell, though they do match the comparison group in

terms of trends.

Conversely, male caregivers differ from their matched comparison group in both level and

trend across most of the trajectory. Like female caregivers, they are more likely to be employed 15

years prior to the start of caregiving (Panel F), but unlike female caregivers their annual earnings

are also higher (Panel E). Male caregivers appear to be on a pronounced downward trajectory in

both earnings and employment for over a decade before the start of a care spell and there is no

meaningful change in trend when a care spell is reported to start. In fact, a dip in employment

several years prior to a care spell raises the possibility that formen, a precipitating job loss or related

event may push them into a caregiving role. This is consistent with findings in Mommaerts and

Truskinovsky (2020) that men are responsive to the opportunity cost of caregiving, as measured by

business cycles, while women are not. If men take on caregiving following a job loss while women

take on caregiving in response to a need, this may explain their very different pre-caregiving

trajectories. Like for female caregivers, male caregiver earnings and employment never recover,

and in fact the gaps relative to non-caregivers increase for up to five years after the start of a care

spell, as male caregivers continue to exit the labor force. Because the earnings and employment

trajectories of male caregivers match each other closely, we conclude that non-employment is the

main margin at play and not hours or wages. Given the dramatic differences between men and

women, we consider each group separately in the rest of our analysis.

We next examine trends in earnings and employment by employment type. Self-employment

can be a flexible work arrangement that is more compatible with caregiving responsibilities than

wage and salary employment, and can also be a transitional form of employment for workers
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exiting the labor force into retirement (which may be the case for many caregivers). Table 2, Panels

A and B plot self employment earnings and employment trajectories for women caregivers and the

matched comparison group, while Panels C and D plot men’s trajectories. Because they account

for the majority of employment, wage and salary earnings and employment evolve similarly to

the overall trajectories discussed above and we do not discuss them again here (they are shown in

Appendix Figure A1. Although the time series is noisy, we note two key patterns. First, although

self employment earnings for caregivers are below those of the comparison group for much of the

time (especially for women), their employment rate is very similar, suggesting that if caregivers

are working for themselves it is at lower wages or lower hours than non-caregivers. This is quite

different from the wage and salary results, where non-employment appeared to be the key margin

driving changes in earnings. Second, there is no discontinuity in either earnings or employment

around the start of a caregiving spell (female caregivers’ employment may be an exception here).

These patterns suggest that self-employment may be more compatible with caregiving, in part

because it can be performed at lower intensity than wage and salary work. However, we also do

not see increases in self-employment around the start of a caregiving spell, suggesting that, on

average, caregivers are not transitioning into self-employment to remain working while they are

engaged in caregiving.

To this point, we have presented earnings and employment trajectories for caregivers of all

ages, emphasizing patterns in event time, but compressing life-cycle-related earnings dynamics.

In Figure 3, we split the sample into three groups based on the age of the caregiver when the

caregiving spell started: age 40-50 (N = 1,170), age 51-61 (N = 1,238), and age 62-70 (N = 748). We

select these age groups because the majority of caregivers fall into this age range, and we keep the

range wide enough to ensure a sufficient number of observations in each group. The results in

Figure 3 allow us to compare caregiving impacts at different points across the life course. Notably,

variation in the age when caregiving started is correlated with the identity of the care recipient,

which we are not able to untangle due to diminishing sample sizes. Younger caregivers are more

likely to care for aging parents, while older caregivers are more likely to be caring for ill (or aging)

spouses (Fahle and McGarry 2017).

Panels A through C present earnings trajectories for female caregivers and the matched com-

parison group by age. For the sample that starts caregiving between ages 40-50 (Panel A), they

are ages 25-35 at the beginning of the event time window, and earnings are increasing. Caregivers

are indistinguishable for the comparison group until the year a care spell starts, when earnings
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fall sharply. Earnings appear to mostly recover within 5 years after a care spell starts (when this

sample is 45-55), but are more volatile and dip below those of non-caregivers when this group is

approach ages 50-60. The corresponding employment trajectory for this group, presented in Panel

D, suggests that caregivers cycle in and out of employment in the decade following a care spell,

perhaps to take on additional caregiving roles. In Panel B, we present earnings for the sample that

starts caregiving between ages 51-61, and who are 36-46 at the start of the event time window. For

this group of caregivers, earnings are substantially below those of the comparison group for the

entire 25-year period. Earnings among the comparison group peak around ages 46-56, before turn-

ing downwards. While they are initially on a similar upward trajectory, caregiver earnings growth

begins to stagnate relative to the comparison group ten years before the start of a care spell, when

they are ages 40-50. Employment rates among this group match those of the comparison group,

which implies that the earnings disparity is coming almost entirely from the intensive margin:

female future caregivers appear to be forgoing wage increases or they change to part time work

during a period when their counterparts are achieving peak earnings. The earnings disparity of

nearly $5,000 per year for over a decade may have significant implications for long-term economic

security. Finally, women who start caregiving between ages 62-70 are on the downward side of

their age-earnings trajectory (Panel C). They match their non-caregiver counterparts more closely,

and experience a decline in earnings in the year that a caregiving spell starts. Similar patterns

in employment (Panel F) suggest that this is driven by exit from the labor force, and caregivers

remain less likely than non-caregivers to work for the next 10 years.

Male caregivers’ experiences appear more uniform across the caregiving age distribution (Pan-

els G-L). Men in all age groups have higher earnings 15 years before the start of their caregiving

spell, which appears driven in part by higher rates of employment (Panels J-L). Earnings and em-

ployment begin to diverge 10 to 5 years before a care spell starts, remain below those of matched

non-caregivers and appear more volatile. As with female caregivers, male caregivers do not fully

catch up to their non caregiver counterparts in the decade following the start of a care spell. These

results suggest that for all age groups, men’s selection into caregiving is precipitated by significant

disruptions in their labor supply.

4.2 Event Study Results: Matched Comparison Group

The unadjusted averages presented in the previous section provide a visual depiction of the labor-

supply dynamics of family caregivers relative to a matched comparison group in event time. In
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this section, we take a more structured approach and plot the coefficients from our event-study

specification in Equation (1), which includes the full set of individual, age and year fixed effects, in

Figure 4. Horizontal grey bars indicate 95% confidence bands around each event-time coefficient.

These estimates capture the differences in outcomes for caregivers relative to amatched comparison

group in each index year relative to the start of the caregiving spell (year zero) while controlling

flexibly for life cycle trends, time trends, as well as any time-invariant heterogeneity. We report

the corresponding estimates from a static difference-in-differences specification in Table 3. We

estimate a single “post” coefficient, as well as coefficients for “post” years 0-2, 3-5 and 6+, given

the dynamics observed in the previous section.

Panels A and B of Figure 4 presents earnings and employment trajectories of female caregivers

relative to the matched comparison group, and Panels C and D present the same for male care-

givers.13 Once life-cycle and period trends are removed, it becomes clearer that earnings evolve

in a parallel fashion between female caregivers and non-caregivers in the 15 years before the start

of a caregiving spell. Earnings paths begin to diverge in the year before a care spell starts, falling

sharply for 1-2 years before recovering somewhat. This drop corresponds to a decrease of $1,329,

or nearly 6 percent from a pre-caregiving mean of $22,571 in the first 3 years following the start

of a care spell. The point estimates for remaining post years are negative, but not statistically

different from zero. Employment follows a similar pattern, falling by 3.3 percentage points, or 4.7

percent from a pre-caregiving mean of 71 percent. Employment rebounds faster than earnings,

suggesting that some female caregivers return to the labor force quite quickly, but at lower wages

or hours, perhaps to accommodate ongoing care responsibilities. Notably, there is an apparent fall

in employment around 10 years before the start of a care spell, but this is not reflected in earnings.

For male caregivers, the picture is again quite different. Male caregiver earnings are on a

steady downward trajectory relative to their non-caregiver peers (Panel C of Figure 4). Amatching

trend in employment suggest that this is due to men exiting employment altogether, rather than

reducing hours or transitioning to lower wage jobs (Panel D). Male caregivers continue to exit after

the start of a care spell and stay out of the labor force much longer than women. Men’s wages and

employment continue to fall until nearly 5 years after the start of that care spell, after which they

recover somewhat together, suggesting that when male caregivers return to the labor market, they

return to similar jobs, in terms of hours and wages. Overall, there is much less evidence for men

13We do not further split the sample by age group because the samples become to small to infer any meaningful

results once we include the full battery of fixed effects.
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of a discontinuity around the start of a care spell.

Another difference between male and female caregivers that is made evident in Figure 4 is

the magnitude of the change in earnings and employment around the start of a care spell. Male

caregivers experience as much as a 9 percentage point change in employment from 10 years before

to 5 years after the start of a care spell relative to the matched comparison group, as well as a

nearly $5,000 decrease in annual earnings, which implies a great deal of volatility. For female

caregivers, both the decreases in employment and earnings are much smaller. A possible reason

for the divergent patterns among male and female caregivers could be that men and women

have different latent thresholds for self-identifying as caregivers, as noted in the previous section.

Existing studies have found thatmean andwomen engage in different caregiving activities (Houser

et al. 2015; Van Houtven et al. 2013). Alternatively men and women may have different reasons

for entering into caregiving. For example, Mommaerts and Truskinovsky (2020) consider the

effect of business cycles on the propensity to provide care and find that men are responsive to the

opportunity cost of caregiving, while women are not. If men take on caregiving following a job loss

while women take on caregiving in response to a need, this may explain some of the differences in

trends between genders that we observe.

Given the patterns in self employment and earnings in the rawdata, we do not discuss the event

study results here, but these are included in Appendix Figure A2, andwe report the corresponding

difference in differences coefficients in panels C and D of Table 3.

4.3 Event Study Results: Stacked Comparison Group

In the previous two sections, we describe the dynamics of labor supply outcomes around the

start of a caregiving spell, comparing caregivers to non-caregivers in a matched research design.

Our results reveal that for some caregivers, earnings and employment trajectories do not evolve

in parallel with non-caregivers prior to the start of a care spell, even conditional on individual,

time-invariant heterogeneity. This suggests that caregivers’ experiences in the labor market are

different from non-caregivers, either because they experience employment or earnings shocks, or

because anticipation of future caregiving roles or other factors puts them on different trajectories

from non-caregivers. In this section, we turn to estimating the effects of caregiving on labor supply

using a different comparison group: future caregivers. For this approach we leverage variation

in the start of a caregiving spell among the sample of SIPP caregivers. This variation is plausibly

exogenous if future caregivers anticipate a caregiving need but not know precisely when the need
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will arise. As such, this approach measures the ex-post response to the realization of caregiving

(the costs borne once caregiving starts) rather than the effects of anticipating the need for caregiving

(the pre-caregiving costs).

Results from this “stacked” event-studymodel, whichuse the outcomes of future caregivers as a

counterfactual trend for current caregivers, are presented in Figure 5 for earnings and employment

for female caregivers (Panels A and B) and male caregivers (Panels C-D). Because of the data

structure necessary for this approach, we now have a balanced panel of nine years prior to and five

years following the start of a caregiving spell. To summarize magnitudes, we present the results

of a variant of Equation 1 using binary indicators for the full five year period following the start of

a care spell, as well as for years 0 through 2 and years 3 through 5 in Table 4.

Panel A of Figure 5 presents earnings results for women and the corresponding employment

results are presented in Panel B. Both outcomes evolve in parallel in the pre-caregiving period, as

was suggested by the raw trends presented in Appendix Figure ??. Earnings in the pre-caregiving

period in the treatment group are consistently, though not statistically, below those of the control

group, suggesting some downward pressure on earnings in the years before caregiving starts,

perhaps due to anticipation effects. Despite this possible downturn in earnings prior to caregiving,

a discontinuity in earnings is clearly observable in the first year of a caregiving spell, suggesting

that the actual start of even an anticipated care role reduces earnings further. As reported in Panel

A, column 6 of Table 4, earnings fall by nearly $1,000 annually in the first three years following the

start of the care spell, or 4 percent from a pre-care mean of $22,919, though this is not statistically

significant given the large standard errors. The decrease in earnings appears to be driven by the

extensive margin, as employment falls sharply by 3 percentage points, or 4.5 percent, in the first

3 years after the start of a care spell. Both earnings and employment reach their lowest level in

the year after caregiving starts (event year 1) after which they gradually return back to the pre-

caregiving trend, though not to the pre-caregiving level by the fifth year after the start of a care

spell.

Once again, the picture is quite different for male caregivers, as presented in Panels C and

D of Figure 5. These coefficients reveal that male caregivers’ earnings and employment in the

pre-period do not evolve in parallel with even future caregivers, suggesting disruptions in the 5

years prior to a care spell that are much larger in magnitude than the realized onset of a care spell,

which appears to have only a muted impact on earnings and employment. In particular, there is a

sharp fall in both earnings and employment between 6 and 3 years before the start of a care spell,
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providing evidence that male caregivers experience significant changes in labor market outcomes

well before they become family caregivers.

5 Discussion and Conclusion

In this paper, we present new evidence on caregiving and labor supply from the SIPP linked

to administrative earnings records from SSA. We leverage retrospective survey responses about

caregiving in the SIPP to create a long-range longitudinal panel of labor supply outcomes for

caregivers. First we trace out dynamic trajectories of labor supply outcomes before and after

the start of a caregiving spell, comparing these trajectories to a comparison group matched on

demographic characteristics. Second, we use a “stacked” design that uses the labor supply of

individuals who will become caregivers in the near future as the counterfactual labor supply

of individuals who have just started caregiving. We examine earnings and employment among

“new” caregivers (those who start caring within two years of the SIPP survey). We observe annual

outcomes for up to 16 years before and 9 years after the reported start of a caregiving spell from

the administrative data.

From our analysis we obtain several key findings. First, we document that the relationship

between caregiving and labor supply is dynamic: we find evidence of anticipatory or precipitating

effects, as well as changes in outcomes after a caregiving spell starts. We find that the onset

of caregiving leads to a significant – and immediate – reduction in earnings and employment,

though the magnitude of this effect varies by gender. Male caregivers of all ages experience large

downward swings in earnings and employment well before the start of a caregiving spell, and

do not appear to recover. Female caregivers, by contrast, return to nearly pre-caregiving levels

of earnings and employment by approximately five years after starting a care spell. Women who

start caregiving at younger ages appear very similar to the matched comparison group before they

become a caregiver, at which point they experience a large earnings shock, while women who

start caregiving over the age of 50 have similar levels of employment, but lower earnings than

non-caregivers.

While the prior literature has documented a relationship between caregiving activity and labor

supply over a two-year period, our analysis reveals that adverse labor supply effects are detectable

from the very start of the caregiving spell and have a dynamic trajectory. We highlight that this

decrease in labor supply persists for some subgroups of caregivers and reverses for others. We
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also document labor supply changes for caregivers well before the start of a caregiving spell that

signal anticipatory reductions in earnings and employment or labor market shocks that precipitate

becoming a caregiver. While female caregivers experience changes in hours and wage rates before

they self-identify as caregivers, men’s employment changes are mostly at the extensive margin.

We find no change in self-employment, which may suggest that this form of employment allows

caregivers to balance work and caregiving responsibilities.

Our results complement the existing literature on caregiving to adults and employment in the

United States. Looking the the static relationship between caregiving andwork, VanHoutven et al.

(2013) find no impact on the the likelihood of employment for women, but reductions on hours

at the intensive margin. We find that female caregivers do experience reductions on the extensive

margin that last for as long as two years. This could be due to labor market frictions as suggested

by Skira (2015), who studies the dynamic impacts of caregiving to parents and finds that female

caregivers are less likely to receive job offers in the two years following a care spell. Our results for

male caregivers are in line with the findings of VanHoutven et al. (2013), who find that men reduce

employment by 2.4 percentage points after starting caregiving. We estimate an effect of similar

magnitude and we show that this grows over time, highlighting the differences in employment

trajectories between male and female caregivers.

Overall, we find that, as with child care, the costs of family caregiving appear to be incurred

both before and after the start of a caregiving spell. It is important to note that while we find

caregiving depresses employment among new caregivers, our results do not reveal how much of

the employment effect is voluntary versus involuntary. Would new caregivers prefer to continue

working if their employers could better accommodate them? The fact that adverse labor supply

effects arise immediately following the start of caregiving, and appear to persist over the following

months (and years), suggests there could be scope for employment policies designed to help work-

ing individuals copewith caregiving demands, which are often idiosyncratic and intermittent over

a period of several years, and not typically resolved during a single, 12-week spell of continuous

leave.

Finally, our analysis relies on self reports of caregiving spells, whichmaynot exactly correspond

to the initial onset of caregiving responsibilities. However, self-identification is arguable of greater

policy interest if employer and federal policies around caregiving leave and other caregiver respite

programs require caregivers to self-identify as such. In future work, we intend to examine the

effects of caregiving on the distribution of earnings and family income, and to leverage the long
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administrative panel combined with rich survey data to tie together caregiving obligations across

the life course and their combine effect on the employment trajectories of caregivers.
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Figure 1: Employment and Earnings Trajectories of Caregivers and Matched Control Group
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(b) Employment - Full Sample
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(c) Annual Earnings - Women
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(d) Employment - Women
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(e) Annual Earnings - Men
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(f) Employment - Men

Note: Each panel plots unadjusted average outcomes in each event year for the pooled sample of caregivers from the 2008, 2004, 2001 and 1996

panels of the SIPP and a matched comparison group of SIPP respondents . Averages among the caregiver sample are in black averages for the

matched control group sample are in grey. Panel A presents unconditional, real earnings for the full sample, and Panel B presents a binary

indicator of positive earnings. Panels C-F plot these outcomes separately for women and men.
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Figure 2: Self Employment and Earnings Trajectories
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Note: Panels A and B plot unadjusted average self employment earnings and any self employment in each event year for the sample of female

caregivers from the 2008, 2004, 2001 and 1996 panels of the SIPP and a matched comparison group of SIPP respondents. Panels C and D plot

the corresponding outcomes for male caregivers. Averages among the caregiver sample are in black averages for the matched control group

sample are in grey.
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Figure 3: Earnings and Employment Trajectories by Age When Care Started
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(a) Earnings, Women, Age 40-50
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(b) Earnings, Women, Age 51-61
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(h) Earnings, Men, Age 51-60
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(l) Employment, Men, Age 62-70

Note: Each panel plots unadjusted average earnings and employment in each event year for sample of caregivers from the 2008, 2004, 2001

and 1996 panels of the SIPP and a matched comparison group of SIPP respondents by age at which caregiving started. Averages among the

caregiver sample are in black averages for the matched control group sample are in grey.
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Figure 4: Matched Event-Study Coefficients, Earnings and Employment
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(d) Employment - Men

Note: Each panel plots the coefficients from Equation 1 using a comparison group matched on demographic characteristics. Panels A and B

plot outcomes for women and Panels C and D plot outcomes for men.
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Figure 5: Stacked Event Study Coefficients, Earnings and Employment
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Note: Each panel plots the coefficients from Equation 1 using a comparison group of future caregivers. Panels A and B plot outcomes for

women and Panels C and D plot outcomes for men.
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Table 1: Descriptive Statistics: SIPP Informal Care Topical Module

All Female Male

(1) (2) (3)

Full Sample (N= 237,385)

Any caregiving 0.05 0.06 0.04

Caregiver Sample (N=12,743)

Caring for:

Spouse 0.16 0.14 0.17

Parents or in-laws 0.21 0.22 0.18

Other relative 0.19 0.20 0.19

Other non-relative 0.25 0.24 0.26

Child 0.25 0.24 0.26

Started Care:

Within the past year 0.20 0.20 0.19

1 year ago 0.17 0.17 0.17

2 years ago 0.16 0.16 0.16

3+ years ago 0.47 0.47 0.48

Caring for Adults, 2 years or less (N=5,105)

Hours of care per week 10.24 10.62 9.58

Num adults caring for 1.21 1.22 1.21

Care recipient outside household 0.68 0.70 0.64

Helps with ADLs 0.39 0.42 0.32

Helps with IADLs 0.90 0.90 0.91

Helps with medical tasks 0.46 0.50 0.40

Sole caregiver 0.44 0.44 0.42

Notes: Table reports weighted summary statistics for the pooled 1996,

2001, 2004 and 2008 SIPP surveys. Statistics are measured during the

Informal Care module.
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Table 2: Demographic and Employment Characteristics

Full Sample Women Men

Caregiver Matched Non Caregiver Matched Non Caregiver Matched Non

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Panel A: Demographic Characteristics

Female 0.64 0.65 0.51 1.00 1.00 1.00 0.00 0.00 0.00

Age 51.78 53.35 46.32 51.57 53.08 47.12 52.17 53.85 45.49

White NH 0.75 0.77 0.71 0.75 0.77 0.71 0.76 0.79 0.71

Black NH 0.11 0.11 0.11 0.11 0.12 0.12 0.11 0.10 0.10

Hispanic 0.08 0.06 0.12 0.08 0.06 0.12 0.08 0.06 0.13

Married 0.61 0.61 0.57 0.60 0.58 0.55 0.64 0.68 0.60

Less than HS 0.12 0.13 0.14 0.12 0.13 0.14 0.12 0.13 0.14

High School 0.64 0.63 0.61 0.66 0.66 0.62 0.60 0.59 0.60

College/BA 0.15 0.14 0.17 0.14 0.13 0.17 0.17 0.17 0.17

College plus 0.09 0.09 0.09 0.08 0.08 0.08 0.11 0.11 0.09

Panel B : Employment SIPP Informal Care Wave

Working 0.56 0.57 0.66 0.53 0.54 0.59 0.62 0.64 0.73

Self Employed 0.10 0.08 0.09 0.08 0.05 0.06 0.14 0.12 0.12

Part Time 0.23 0.18 0.20 0.24 0.20 0.22 0.21 0.15 0.18

Usual Hours 38.36 38.29 39.29 36.68 36.24 36.65 40.74 41.32 41.56

Unemployed 0.04 0.02 0.03 0.03 0.02 0.03 0.04 0.02 0.03

NILF 0.41 0.41 0.31 0.44 0.44 0.38 0.34 0.34 0.24

Panel C: Employment SIPP Wave 1

Working 0.58 0.57 0.63 0.56 0.53 0.57 0.63 0.63 0.69

Self emp 0.10 0.08 0.09 0.08 0.06 0.06 0.14 0.12 0.12

Part Time 0.23 0.21 0.22 0.26 0.23 0.25 0.20 0.17 0.19

Usual Hours 39.61 39.11 39.85 37.76 36.19 36.75 42.29 43.52 42.56

Unemployed 0.03 0.02 0.03 0.02 0.03 0.03 0.03 0.02 0.03

NILF 0.32 0.35 0.28 0.36 0.38 0.35 0.27 0.29 0.21

Panel D: Linked Administrative Data Sample

Employed 0.65 0.71

Self-employed (any) 0.08 0.08

Earnings 28,424 34,503

Earnings (cond.) 43,974 48,722

Self-emp earnings (cond.) 19,934 30,512

Receiving OAI 0.24 0.19

Entitled to SSDI 0.04 0.04

Notes: Table reports weighted summary statistics for the pooled 1996, 2001, 2004 and 2008 SIPP surveys. Statistics are measured

during the Informal Care module.
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Table 3: Matched Difference in Differences Coefficients

Full Sample Women Men

(1) (2) (3) (4) (5) (6) (7) (8)

Panel A: Earnings

Post X Treat -1610.6*** -1519.2*** -964.1 -2966.8**

(597.4) (588.6) (589.8) (1196.8)

Post X Treat (years 0-2) -2021.1*** -2013.7*** -1328.9** -3424.6***

(538.5) (544.1) (554.2) (1101.9)

Post X Treat (years 3-5) -1644.4*** -1601.9** -789.3 -3511.4***

(637.7) (636.0) (644.5) (1290.4)

Post X Treat (years 6+) -1206.0 -980.5 -783.2 -2019.2

(752.4) (724.5) (713.7) (1505.2)

Pre caregiving Mean 30,271 30,271 30,271 30,271 22,571 22,571 44,200 44,200

Panel B: Employment

Post X Treat -0.0332*** -0.0314*** -0.0245*** -0.0454***

(0.0070) (0.0067) (0.0085) (0.0106)

Post X Treat (years 0-2) -0.0361*** -0.0360*** -0.0331*** -0.0422***

(0.0066) (0.0066) (0.0085) (0.0105)

Post X Treat (years 3-5) -0.0339*** -0.0326*** -0.0215** -0.0545***

(0.0076) (0.0076) (0.0100) (0.0121)

Post X Treat (years 6+) -0.0299*** -0.0259*** -0.0194* -0.0401***

(0.0085) (0.0083) (0.0105) (0.0135)

Pre caregiving Mean 0.74 0.74 0.74 0.74 0.71 0.71 0.80 0.80

Panel C: Self-Employment Earnings

Post X Treat -56.61 -116.4 -0.526 -296.2

(242.5) (241.2) (199.7) (563.1)

Post X Treat (years 0-2) -314.3 -348.1 -101.4 -752.7

(247.5) (248.9) (215.8) (566.4)

Post X Treat (years 3-5) 30.40 -29.67 132.0 -308.3

(265.6) (264.2) (229.2) (603.1)

Post X Treat (years 6+) 101.4 22.97 -25.49 158.9

(307.0) (307.8) (220.0) (766.6)

Pre caregiving Mean 1,623 1,623 1,623 1,623 696 696 3,301 3,301

Panel D: Self-Employment

Post X Treat -0.0038 -0.0027 -0.0022 -0.0041

(0.0060) (0.0039) (0.0044) (0.0074)

Post X Treat (years 0-2) -0.0027 -0.0020 -0.0016 -0.0030

(0.0041) (0.0041) (0.0048) (0.0077)

Post X Treat (years 3-5) -0.0040 -0.0030 -0.0006 -0.0078

(0.0047) (0.0047) (0.0054) (0.0087)

Post X Treat (years 6+) -0.0046 -0.0030 -0.0042 -0.0016

(0.0050) (0.0050) (0.0056) (0.0095)

Pre caregiving Mean 0.08 0.08 0.08 0.08 0.05 0.05 0.11 0.11

Individual FE X X X X X X
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Table 4: Stacked Difference in Differences Coefficients

Full Sample Women Men

(1) (2) (3) (4) (5) (6) (7) (8)

Panel A: Earnings

Post X Treat -138.1 -434.2 -542.8 -285.9

(622.8) (595.9) (605.7) (1238.9)

Post X Treat (years 0-2) -460.5 -718.5 -951.7 -255.7

(602.9) (591.2) (606.9) (1226.2)

Post X Treat (years 3-5) 239.5 -98.91 -67.22 -322.4

(746.0) (697.7) (705.5) (1455.7)

Pre Care Mean $29,854 $29,854 $29,854 $29,854 $22,919 $22,919 &42,447 &42,447

Panel B: Employment

Post X Treat -0.0226*** -0.0235*** -0.0206** -0.0296**

(0.0080) (0.0078) (0.0099) (0.0128)

Post X Treat (years 0-2) -0.0305*** -0.0305*** -0.0307*** -0.0311**

(0.0080) (0.0079) (0.0100) (0.0129)

Post X Treat (years 3-5) -0.0134 -0.0152 -0.0089 -0.0279*

(0.0096) (0.0094) (0.0118) (0.0157)

Pre Care Mean 0.72 0.72 0.72 0.72 0.69 0.69 0.77 0.77

Panel C: Self-Employment Earnings

Post X Treat -0.0044 -0.0036 0.00293 -0.0079

(0.0051) (0.0050) (0.0095) (0.0058)

Post X Treat (years 0-2) -0.0029 -0.0029 0.0057 -0.0084

(0.0052) (0.0054) (0.0101) (0.0063)

Post X Treat (years 3-5) -0.0061 -0.0044 -0.00046 -0.0073

(0.0061) (0.0060) (0.0115) (0.0068)

Pre Care Mean $1,629 $1,629 $1,629 $1,629 $729 $729 $3,149 $3,149

Panel D: Self-Employment

Post X Treat 216.0 243.1 486.6 78.81

(278.3) (264.6) (677.6) (183.9)

Post X Treat (years 0-2) 87.42 90.96 218.0 -11.50

(276.3) (267.9) (690.8) (177.9)

Post X Treat (years 3-5) 366.6 422.4 812.2 183.8

(316.8) (299.1) (765.2) (212.8)

Pre Care Mean 0.078 0.078 0.078 0.078 0.060 0.060 0.110 0.110

Individual FE X X X X X X
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Appendix

Table A1: Descriptive Statistics: Administrative Match

Caregiver Sample Full SIPP

No Match Match No Match Match

(1) (2) (3) (4)

Age 49 52 44.5 47.6

Female 0.62 0.633 0.533 0.537

Education:

Less than high school 0.164 0.11 0.193 0.138

High school 0.308 0.271 0.32 0.282

Some college 0.291 0.362 0.281 0.331

Bachelor’s degree or more 0.237 0.256 0.206 0.249

Race/Ethnicity:

Non-Hispanic White 0.707 0.767 0.641 0.747

Non-Hispanic Black 0.124 0.103 0.128 0.112

Hispanic 0.11 0.083 0.167 0.086

Caring for:

Spouse/partner 0.16 0.15

Parent 0.238 0.282

Other relative 0.217 0.246

Other non-relative 0.401 0.347

Child 0.011 0.015

N 952 4297 48,600 185,047

Notes: Table reports descriptive statistics measures at year of the caregiving module for

pooled 1996, 2001, 2004 and 2008 sample of SIPP caregivers (columns 1& 2) and the full

SIPP sample (columns 3 & 4).
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Figure A1: Wage and Salary Employment and Earnings Trajectories
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(b) Wage and Salary - Women
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(c) Wage and Salary Earnings - Men
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(d) Wage and Salary - Men

Note: Trajectories for the caregiver sample are in black and trajectories for the matched control group sample are in grey
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Figure A2: Matched Event-Study Coefficients, Self Employment
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(c) Annual Self Employment Earnings - Men
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(d) Self Employment - Men

Note: Coefficients relative to control group of non-caregivers matched on sex age, etc.
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Figure A3: Stacked Event Study Coefficients, Self Employment
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(a) Annual Self-Employment Earnings- Women
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(b) Self-Employment - Women
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(c) Annual Self-Employment Earnings- Men
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(d) Self-Employment - Men

Note: No controls
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Figure A4: Demo Coefficients- Treatment Group
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(c) Annual Earnings - Men
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(d) Working - Men

Note: full sample,
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